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Abstract 
The rapid integration of Artificial Intelligence (AI) in the banking sector has ushered in a new era of digital financial 
services, offering unprecedented efficiency, personalization, and customer engagement. This study aims to assess the 
customer perceptions, attitude, and response towards AI-driven e-services of New Generation banks and to examine 
the customers’ acceptance of AI-driven e-services of select New Generation banks. A sample size of 351 customers is 
determined and data collection is executed through structured interview schedules, ensuring respondent anonymity to 
encourage honest feedback. The results were analysed by using Structural Equation Modelling. The study reveals that 
respondents generally hold positive perceptions of AI-driven e-services in banking, emphasizing the importance of 
efficiency, trust, user experience, personalization, and satisfaction. Efficiency and personalization, in particular, are 
highlighted for their roles in expediting transactions and delivering tailored advice, respectively. However, the lower R-
square value indicates the customer’s inherent reluctance of using technology due to their concern regarding data 
privacy. Hence, the bank should focus on safety and security which is critical to maintain customer trust and thereby 
increasing customer acceptance level of AI technology-based banking services. The implications of this study providing 
insights into customer preferences and guiding banks in tailoring AI-driven services.  

Keywords: AI-Driven E-Services, Customer Attitude, Customer Perception, Customer Response, Digital Banking, 
Technology Acceptance Model. 
 

Introduction 

Innovation in digitalization has produced both 

incremental technologies like digital channel 

dispersion accessibility, which has grown in recent 

years, and breakthrough technologies like 

Artificial Intelligence (AI) (1). Customer 

perception, attitude, and response to AI-driven e-

services in banks is a critical area in this digital era. 

Technology acceptability has grown with new and 

latest innovations as clients adopt new 

technologies (2). To enhance customer 

experiences and operational efficiencies of banks 

integration encompasses a range of technologies, 

from chatbots in customer service to AI algorithms 

for personalized financial advice and machine 

learning for fraud detection. With the rapid 

advancement of AI and self-service technologies 

(SSTs), governments around the world now have a 

plethora of opportunities to enhance citizen 

interactions and public services (3). Self Service 

Technologies are technological interfaces that 

allow customers to benefit from services without 

direct service personnel interaction. Its major goal 

is to make customers independent. An emerging 

trend is the integration of AI technology with SSTs, 

which are employed in service sectors. If digital 

services are expensive and difficult (4), customers 

may avoid them, and multichannel services given 

by online banking may dissatisfy customers (5). 

Customer impression of safety is important for 

digitalizing customer experience claims (6). IT 

investments in the banking industry are rising, 

which has expanded digital capabilities for bank 

customers and might affect bank earnings. 

However, concentrating on technology to enhance 

customer experience claims may affect bank end-

users (7). Moreover, understanding customers' 

adaptability and openness to change is vital, as 

these aspects determine how quickly they embrace 

new technologies. Cultural and educational factors 

also play a significant role in shaping customer 

responses to AI in banking. The factors of e-service 

quality will differ based on the geographical 

regions (8). Customer’s cultural attitude on 

automation  privacy  and   financial   technology   is 
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significantly differed depends on their 

geographical region (9). In India and other urban 

areas, automation is regarded as a sign of 

contemporary banking. Although privacy concerns 

are becoming more prevalent, speed and usability 

still come first. Cultural trust in new generation 

banks play a mediating role in acceptance of AI 

tools (10). The banks must consider these nuances 

to effectively implement AI-driven services that 

meet the expectations and needs of their diverse 

customer base (11). The ultimate goal is to strike a 

balance between technological advancement and 

customer satisfaction, ensuring that AI-driven e-

services not only advance operational efficiency 

but also resonate well with the customers’ 

expectations and preferences. The success of AI-

driven financial services depends on client 

perception attitude and response. That 

perspective emphasises trust and reliability (12). 

Customers must trust AI-driven services to 

securely and accurately manage their financial 

transactions and personal data. The usability, 

accessibility, and problem-solving effectiveness of 

AI-driven e-services can greatly impact user 

happiness and adoption (13). 

Localised dynamics like customer orientation 

capability and customer response capability affect 

customer choices for digital tools (14). Using 

current technology to become customer-centric is 

expensive, but the reward is questionable for claim 

management (15). Digitally changed banks 

prioritise customer experience (16). The majority 

of commonplace digital technologies, including 

automation and machine learning, have been used 

to enhance customised customer care and increase 

human presence through routine automation (17). 

Multiple studies showed the expanding 

importance of AI in banking (18) notably in Asia. A 

high positive association exists between AI 

awareness, utility, attitude, and banking sector 

adoption intention in five Asian nations (19). The 

connection was negative with perceived risk. 

These findings emphasise `the need to build client 

trust in digital transactions and inform banking 

strategy.  

Customers are increasingly accepting AI-powered 

digital services, which can boost customer 

happiness and loyalty (20).  Banks should 

incorporate AI into their operations for 

automation and better customer experience. 

Bank’s self-service technology and AI are changing 

the value generation and service delivery of banks. 

Customers like having the choice between digital 

self-service and human interaction. Implementing 

these technologies requires trust, security, and 

client education (21). AI has helped India's 

commercial banks migrate from manual to 

technology-driven operations. Customer 

experience, efficiency, and effectiveness improve 

with Artificial Intelligence, increasing profitability 

(22).  AI's role in banking fraud detection and risk 

reduction is recognised but regulation, data 

protection, and infrastructural issues remain (23). 

Chatbot performance and trust improve customer 

experience and happiness (24). Chatbots must be 

educated for a personalised, and efficient customer 

experience. In spite of the benefits, untrained 

models may make mistakes and reduce 

productivity (25). Together, these studies highlight 

the importance of AI which is deployed in the 

banking sector for operational efficiency and 

improved customer service on the other hand, the 

significance of customer trust, security, and 

education are the requirements for adoption of AI-

driven solutions. 

Understanding localized customer perception and 

attitudes towards AI-driven services in banking is 

crucial given its high literacy rate and tech-savvy 

population. The existing literature is inadequately 

addressing how customers interact with and 

respond to AI-driven banking services. This gap 

hinders the development of specific strategies for 

AI implementation. Understanding these nuances 

is essential for banks to tailor their AI-driven 

services effectively, ensuring their alignment with 

customer expectations and preferences. Thus, the 

problem statement addresses the need to explore 

and analyse the multi-dimensional aspects of 

customer perception, attitude and response to AI-

driven e-services in new generation banks, with an 

aim to provide insights that could guide the 

strategic implementation of AI in banking to 

achieve higher customer satisfaction and 

engagement. The novelty of the study lies in 

measuring the level of customer attitude towards 

AI driven e-banking services and to examine the 

extent to which this attitude leads to customer 

acceptance of such services. Additionally, the study 

is conducted in a region with unique demographic 

characteristics including highest literacy rate, 

widespread technology adoption, and diverse 

cultural values.  



Fathimath and Santhi,                                                                                                                                        Vol 6 ǀ Issue 3 

 

878 
 

Applications of Artificial Intelligence 

(AI) in Banking  
The concept of artificial intelligence (AI) describes 

a group of technologies that include deep learning, 

neural networks, machine learning (ML), and 

others that are vital in tackling challenges and 

transforming the banking industry (21). In the 

banking sector AI tools are increasingly applied to 

identify and prevent fraudulent transactions and 

detailed KYC checking of customers (26). A chatbot 

is an AI application that responds automatically 

and can occasionally be built to mimic a real 

conversation in natural language with a human 

and financial robo-advisors are digital platforms 

that use algorithms to provide automated 

investment management or financial guidance 

(27). Banks are exploring the use of AI for 

analysing data from annual reports or legal 

documents, the application of chatbots and robo-

advisors provides online financial planning to 

bank’s customers which will enhance their digital 

engagements and self -service usage. Machine 

learning and AI tools are used to predict the effect 

of geopolitical risk in financial markets which will 

enhance customer trust and perceived security 

(23). FinBots are straightforward chatbots 

designed to optimise and streamline banking 

choices by offering users guided solutions to 

address basic finance-related questions (28). 

Application of AI in banking is also found in online 

loan processing, bulk transaction processing, 

sentiment analysis, customer segmentation, and 

customer relationship management practices (29). 

The use of these AI application will assist the 

customers for faster decision making, ease of 

banking, transparency, efficiency, personalised 

services resulted greater loyalty due to these 

tailored services.  

The objectives of the study are to assess the 

customer perceptions, attitude, and response 

towards AI-driven e-services of New Generation 

banks and to examine the customers’ acceptance of 

AI-driven e-services of select New Generation 

banks.  

Conceptual Framework and Hypotheses 

Development: The research constructs for the 

study are drawn from the Technology Acceptance 

Model (TAM) developed by Davis, 1986 and from 

the review of the literature. The TAM model 

identifies how well customers adopt new  

technology, important latent variables such as 

perceived usefulness which reflects the usefulness 

of AI driven technology and perceived ease of use 

reflects the level of easiness in using new 

technology. Since deployment of advanced 

technology in banking for customer engagement 

necessitates quick customer adoption and usage. 

The customer looks for trust and security, 

Personalisation of banking services, and the 

ultimate acceptance of such technology leads to 

customer satisfaction (30).  

Efficiency and Customer Perception of AI-

driven E-Services: AI technologies can automate 

routine manual operations like data entry, 

document verification, and verification of 

compliance (31). As a result, processing times are 

shortened, errors are decreased, and bank staff 

members are free to concentrate on higher-value 

tasks like client relationship management and 

strategic decision-making processes (32). An AI-

driven e-services avoid service queues and a 

number of service requests (23). It makes these 

functions smooth and easy. Technology- driven 

bank services and fund transfers are time saving 

and efficient (33). It also improves efficiency and 

financial inclusion through the detection and 

prevention of fraudulent transactions (34).  Hence 

it is hypothesized that, 

H1: Efficiency in AI-driven e-services positively 

influence customer perception and attitude. 

Trust, Security and Customer Perception of AI-

driven E-Services: In banking industry trust and 

security are crucial as they handle sensitive 

financial data and transactions. Customers are 

likely to trust online banking providers and form 

enduring connections when they perceive that 

these companies regard their individual 

requirements and preferences and treat their data 

with care and honesty to a great extent (35). 

Artificial Intelligence has revolutionised digital 

payments in multiple ways. Certain applications, 

such as Face-pay, rely on artificial intelligence to 

power facial recognition technology, while others 

adopt a more advanced strategy, enabling users to 

be identified by their smartphone app and make 

payments without entering a PIN with precision. 

Some payment gateways use artificial intelligence 

to stop fraudulent transactions. Through these 

technologies, AI -driven E-services enhances 

customer perception and attitude. Based on this 

following hypothesis is framed. 
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H2: Trust and Security of AI-driven e-services 

positively influence customer perception and 

attitude. 

User Experience and Customer Perception of 

AI-driven E-Services: A user's experience is the 

perception of each interaction they have with the 

object in front of them while using it (36). The 

value derived from the user's interaction with the 

service is recognised as the user experience (37). 

This value is created from the benefits of AI-driven 

e-services such as simplicity in usage, real-time 

functionality, visual appeal, control sense, social 

standing, and trust. From these facts, it is evident 

that user experience is a utilitarian value since it 

offers useful advantages like speed and time 

savings (38). The customer's propensity to accept 

AI-driven banking services is positively impacted 

by their perceived benefit, which also improves 

user experience (39). Hence it is hypothesised that,  

H3: User Experience of AI driven e-services 

positively influences customer perception and 

attitude. 

Personalisation and Customer Perception of 

AI-driven E-Services: AI enabled services like AI 

service assistants, chatbots and AI navigation 

provide personalised banking experience (40). AI 

creates personalised banking gateways using 

innovative algorithms for each individual bank 

customer (41). Personalised banking services 

thereby assist customers in carrying out pertinent 

banking tasks and work to improve the financial 

service experience (42). Artificial Intelligence 

facilitates financial operations using official 

banking apps. The AI begins to comprehend 

consumers' financial needs automatically as soon 

as they utilise the AI-enabled banking services. AI 

then sets users' service requests and creates 

banking metrics for them (43). These personalised 

services help users to track their financial 

transactions (44). Hence, it is hypothesised that  

H4: Personalised AI driven e- services positively 

influences customer perception and attitude. 

 Satisfaction and Customer Perception of AI-

driven E-Services: Customer satisfaction assumes 

a special significance in the realm of AI-powered 

services (40). The trendiness, attractiveness, and 

problem-solving capabilities of artificial 

intelligence have enhanced the allure, innovation, 

and appeal of banking operations (41). Artificial 

intelligence in digital banking made it possible for 

service providers to respond to clients' issues 

around the clock, which increased client happiness 

(45). Previous research suggests that artificial 

intelligence e-driven digital banking caters to 

clients' needs and fashionable lifestyles, thereby 

increasing customer satisfaction. AI can boost 

customer satisfaction by increasing service 

accuracy and efficiency (30). Based on this 

following hypothesis were made. 

H5: Satisfaction of AI driven e-services positively 

influence customer perception and attitude. 

Customer Perception, Attitude and Acceptance 

level: An enhanced level of personalisation results 

in a more pertinent user experience (42). Personal 

standards, perceived trust, perceived risk, and 

perceived usefulness all have a significant 

influence on customers' intentions to adopt AI-

driven services (45). New technology products are 

more likely to be trusted and used again by users 

who use them at first (42). AI banking gateways 

provide a better, more individualised banking 

experience while fostering a user's independence 

in making banking decisions (46). A person's 

openness to new ideas and its level of satisfaction 

will increase willingness to accept them (47). 

Acceptance of AI banking is greatly influenced by 

attitudes. It has been discovered that favourable 

perceptions of innovative AI-based financial 

services affect customers' acceptance of online 

banking services (48). Thus, it is hypothesized that, 

H6: Customer perception and attitude on AI-driven 

e-services positively influence customer 

acceptance. 
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Figure 1: Model of Customer Acceptance for AI-Driven E-Services 

 

The integration of AI in banking has transformed 

customer service by delivering personalised 

banking experience and enhances efficiency in 

banking operations (49). AI is now utilised in 

banking in a variety of ways, from strengthening 

customer service through personalised 

interactions to strengthening transaction security 

and preventing cyberattacks (50). By focusing the 

benefits of AI integration in banking like efficiency, 

trust and security, user experience, 

personalisation and satisfaction, banks can 

leverage AI to meet changing customer 

expectations and thereby creating positive attitude 

to e-banking services (51). This will lead to high 

rate of customer acceptance of AI driven e-

services. Based on the above discussion the 

conceptual model (Figure 1) is used to analyse 

client attitudes and responses towards AI driven e-

services.  
 

Methodology 
This study is an empirical and qualitative research. 

locale of the study of Trivandrum city of Kerala, 

with its unique demographic characteristics, 

including the highest literacy rates, widespread 

use of technology, diverse cultural values, and 

significant NRI account presence provides a 

distinctive context for this study (52). The focus is 

on six New Generation banks namely ICICI, HDFC, 

Axis bank, Kotak Mahindra, IndusInd and Yes Bank 

situated in the study area. These banks are selected 

based on their prominence in integrating AI-driven 

e-services and their substantial customer base in 

the region. Considering the confidentiality of 

customer data in the banks, the exact customer 

count is not publicly available. Based on the 

population of the city, the sample size of 384 is 

arrived at using Krejcie and Morgan table. The 

study employed a convenience sampling method 

to select sample respondents who were clients of 

the new generation banks and were using AI-

driven e-services.  Data collection was executed 

through structured interview schedules, 

promising anonymity to stimulate candid 

responses. After reducing incomplete responses, a 

sample of 351 responses (ICICI 145, HDFC 110, 

Axis bank 45, Kotak Mahindra 28, IndusInd bank 

15 and Yes bank 8 customers) were taken for 

analysis.  

The survey incorporated several sections 

encompassing demographic details, parameters 

for measuring customer perception of Efficiency, 

Trust, Personalization, User Experience and 

Satisfaction signifying mounting acceptance and 

confidence in AI technologies in banking, response 

and inquiries aimed at evaluating the opinion 

towards the AI- driven services in New Generation 

banks evaluated using five-point Likert scale  (53). 

The 20 items and 5 variables in the survey were 

taken from previous studies (12, 21, 24) and the 

content validity is ensured. The reliability of data 

has been proved through Cronbach alpha test and 

the value of all the constructs is found to be above 

0.7. The framework of analysis includes 

descriptive statistics, correlation and Structural 

Equation Modelling (SEM). The study 

acknowledges its limitations, including the 

possibility of response bias in self-reported 

surveys.  
 

Results and Discussion 
The demographic profile of the customers 

represents that the majority of respondents (61%) 

are below 30 years of age, while those aged 30-45 

years constitute 27.90 percent and those above 45 

years age group make up 11.10 percent. In terms 
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of gender, males represent a larger portion of the 

respondents at 61.56 percent, compared to 

females at 38.55 percent. A significant majority, 

73.86 percent, are married, while 26.23 percent 

are unmarried. Educational qualifications show a 

diverse range, with 25.44 percent being graduates, 

23.92 percent having professional qualifications 

19.47 percent being Postgraduates,18.86 percent 

falling into skill education and 12.54 percent 

having completed high school. 

The result of ANOVA test reveals that the customer 

impression on AI driven e-banking services will 

differ significantly between different customer 

demographic segmentation. The ANOVA test result 

shows that there is a statistically significant 

difference in customer attitude toward AI driven e-

service factors across different age groups (Below 

30, 30 to 45 and Above 45) in new-generation 

banks, as indicated by the p-values (<0.001) for all 

factors (Efficiency, Trust, Personalization, User 

Experience and Satisfaction). The F-values range 

from 7.53 (Trust) to 18.50 (Efficiency), suggesting 

strong variations across age groups (54). There is 

significant difference in customer attitude toward 

e-service quality factors across different education 

level (Graduate, Professionals, Post Graduate and 

Skill education) in new-generation banks, as 

indicated by the p-values (>0.05) for all factors 

(Efficiency, Trust, Personalization, User 

Experience and Satisfaction). The F-values range 

from 6.89 (Trust) to 19.39 (Efficiency), suggesting 

strong variations across their educational level. 

Additionally, there is a statistically significant 

difference in gender of customer and customer 

attitude toward e-service quality factors in new-

generation banks, as indicated by the p-values 

(<0.001) for all factors. The F-values range from 

11.284 (Personalisation) to 16.214 (User 

experience), suggesting strong variations in 

groups based on gender. The results support the 

findings of previous studies (55, 56).  

The respondents had the experience using AI 

driven banking chatbots namely EVA of HDFC bank 

(41.36%), Ask iPal of ICICI (31.33%), Axis AHA of 

Axis bank (12.8 %), Ask Keya of Kotak Mahindra 

bank (7.97%), Indus Assist of IndusInd bank 

(4.27%) and Yes Robot of YES bank (2.27%). Fifty 

percent of respondents are aware of fraud 

detection and cyber security, while eighty percent 

of customers are familiar with AI-driven process 

automation services. Thirty-five percent of 

respondents are aware of wealth management, 

and forty-five percent are familiar with AI-based 

loan assessment and credit scores.  

The data presents respondents' perceptions of AI-

driven e-services in various categories, expressed 

as percentage values. In terms of Efficiency, the 

majority (52.49%) agree that AI speeds up banking 

transactions, and 63.58 percent strongly agree that 

it helps complete tasks more quickly. Regarding 

Trust and Security, 51.82 percent express 

confidence in AI-driven service security. 

Additionally, 35.61 percent trust AI with sensitive 

banking information. User Experience shows 

positive outcomes, with 66.29 percent opining that 

AI makes banking user-friendly. About 37 percent 

find the AI-driven interface intuitive. In the realm 

of Personalization, 42.81 percent strongly agree 

that AI provides personalized advice, and 25.42 

percent strongly agree that it understands their 

preferences. In terms of Satisfaction, 53.54 percent 

are overall satisfied with AI-driven services, and 

45.83 percent believe they meet quality and 

reliability expectations. In summary, respondents 

generally hold positive attitudes towards AI-

driven e-services, particularly in Efficiency, Trust, 

User Experience, Personalization, and Satisfaction, 

signifying mounting acceptance and confidence in 

AI technologies in banking. The result is consistent 

with the previous study results (57). 

Correlation matrix analysis of AI driven 

e-services and customer perception of 

New Generation banks 
To determine the relation between respondent’s 

perception of the benefits of AI-driven e-services 

Karl Pearson correlation was applied and the 

results obtained were presented in Table 1.  

 

Table 1: Correlation Matrix of Customer Perception on Benefits of AI Driven E-Services 

Variable 

Efficiency of 

Transaction 

Trust 

and 

Security 

User 

Experience Personalisation Satisfaction 

Efficiency of Transaction 1         

Trust and Security 0.423** 1       
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User Experience 0.535** 0.326** 1     

Personalised  0.324** 0.245** 0.325 1   

Satisfaction 0.524** 0.625** 0.548** 0.398** 1 

Notes: ** Correlation is significant at the 0.01 level (2-tailed) 
 

The Pearson Correlation analysis indicates 

significant correlations among Efficiency of 

transactions, Trust and security, User experience, 

Personalization, and Satisfaction. Efficiency shows 

low positive correlation with all the variables. 

Trust and security show high correlation with 

satisfaction indicating trust in AI driven services 

highly influence satisfaction. The user experience 

of AI-driven banking services exhibits a low 

positive association across all the variables. This 

correlation is statistically significant indicating a 

strong likelihood that the observed relationship is 

not due to chance. A meaningful relationship 

between all the factors exists. This result 

supported by the study findings (58). All factors 

influence satisfaction as it shows a significant 

degree of correlation among the variables.   

Impact of Perception and Attitude on 

AI Driven E-Services and its 

Acceptance among Customers of select 

New Generation banks 
AI services and benefits, encompassing efficiency 

of transaction, trust and security, user experience, 

and personalization, have a significant positive 

impact on customer satisfaction, which in turn 

positively influences customer perception, 

ultimately leading to higher levels of acceptance of 

AI-driven banking services in New Generation 

banks (22). It has been tested using the Structural 

Equation Model and the Table 2 shows construct 

reliability and composite reliability of the variables 

under study.  

 

Table 2: Construct Reliability and Composite Reliability  

  
Cronbach’s 

Alpha 

Composite 

Reliability 

(Rho_A) 

Composite 

Reliability 

(Rho_C) 

Average 

Variance 

Extracted (AVE) 

Acceptance level 0.795 0.794 0.807 0.502 

Customer perception and 

attitude 
0.946 0.956 0.952 0.641 

Satisfaction 0.78 0.733 0.714 0.674 

Trust and Security 0.896 0.91 0.912 0.826 

User Experience 0.818 0.847 0.858 0.837 

Personalisation 0.864 0.883 0.885 0.735 
 

Table 2 presents a range of statistical measures 

that are used to assess the validity and reliability of 

distinct constructs under study. The measures 

Cronbach's Alpha, Average Variance Extracted 

(AVE), and Composite Reliability (rho_a and rho_c) 

are essential for evaluating the study's constructs' 

robustness and data quality. As a gauge of internal 

consistency, Cronbach's Alpha shows how closely 

similar the questions or objects within each 

construct are to one another. Greater internal 

consistency is indicated by higher Cronbach's 

Alpha values, which range from 0 to 1, with values 

nearer 1 being preferred. 

The composite reliability, denoted by rho_a and 

rho_c, evaluates the constructs' internal 

consistency in addition. Higher rho_a and rho_c 

values, which are closer to 1, are favoured, and are 

indicative of improved reliability, much like 

Cronbach's Alpha. The Average Variance Extracted 

(AVE) is used to evaluate convergent validity. It 

determines how well a construct's items capture 

its underlying variance while taking measurement 

error into account. Stronger convergent validity is 

indicated by higher AVE values, which range from 

0 to 1. Generally, AVE values above 0.5 are 

considered acceptable. Interpreting the values for 

each construct in the table, we observe varying 

levels of internal consistency and convergent 

validity. Constructs with higher Cronbach's Alpha, 

rho_a, rho_c, and AVE values are deemed more 

reliable and valid. These measures collectively 

offer insights into the quality and trustworthiness 
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of the data collected in the research, which is 

essential for drawing meaningful conclusions and 

making informed decisions based on the study's 

findings. 

Table 3 presents key statistics for assessing  

regression model fit: R-squared (R²) and adjusted 

R-squared values. R-squared measures how well 

predictors explain variance in the dependent 

variable and adjusted R-squared considers model 

complexity, penalizing unnecessary predictors. 
 

Table 3: Customer Perception and Acceptance of AI-Driven E-Services 

 R-square R-square Adjusted 

Customer perception and attitude 0.676 0.658 

Acceptance level 0.079 0.069 
 

The "Customer perception and attitude " has an 

adjusted R-squared of 0.658 and the acceptance 

level has an R-square of 0.079 showing a good fit 

considering model complexity. The "Acceptance 

level" has an R-square of 0.079, indicating 7.9 

percent explained variance.  Higher values suggest 

better fit, while adjusted R-squared balances fit 

and complexity in model comparisons. It also 

indicates a significant positive attitude and 

perception towards AI-driven banking services. 

However, low R-square value of the Acceptance 

level indicates the respondent’s inherent 

reluctance to use AI services even though they 

have a positive perception and attitude toward 

those services.  The inherent complexity of AI 

based services, customer’s worry about 

mishandling their personal and financial data and 

customers may feel that they are losing control 

over their financial matters while depending on 

machines are the reasons to prevent customers 

from adopting such technologies implemented in 

banks at a fast pace.  Measures of discriminant 

validity were conducted using the Heterotrait-

Monotrait ratio (HTMT). Utilising the HTMT ratio, 

this method computes discriminant validity based 

on the construct indicators' correlation values. 

Table 4 presented the findings for discriminant 

validity using the HTMT ratio.  
 

Table 4: Discriminant Validity: Heterotrait-Monotrait Ratio (HTMT) 

               
Heterotrait-Monotrait 

Ratio (HTMT) 

Customer perception and attitude <->Acceptance level 0.423 

Efficiency of transaction <->Acceptance level 0.377 

Efficiency of transaction <-> Customer perception and attitude 0.326 

Satisfaction <->Acceptance level 0.507 

Satisfaction <->Customer perception and attitude 0.734 

Satisfaction <-> Efficiency of transaction 0.278 

Trust and security<->Acceptance level 0.42 

Trust and security <-> Customer perception and attitude 0.692 

Trust and security <-> Efficiency of transaction 0.241 

Trust and security <->Satisfaction 0.711 

User experience<->Acceptance level 0.924 

User experience<->Customer perception and attitude 0.63 

User experience<-> Efficiency of transaction 0.374 

User experience<-> Satisfaction 0.418 

User experience<-> Trust and security 0.729 

Personalization<->Acceptance level 0.624 

Personalization<->Customer perception and attitude 0.693 
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Personalization<-> Efficiency of transaction 0.199 

Personalization<-> Satisfaction 0.558 
 

The HTMT statistic thresholds are less than 0.90 

and the results demonstrate that all of the values 

in Table 4 are below the limit. Thus, the  

discriminant validity of constructs is proven. 

The path coefficient of the constructs is presented 

in Table 5. 
 

Table 5: Path Coefficients for the Model 

               

Original 

Sample 

(O) 

Sample 

Mean 

(M) 

SD 
T 

Statistics  

P 

Values 

Result 

Customer perception and attitude                    

->Acceptance level 

 

0.28 0.335 0.138 2.029 0.043 

Accepted 

Efficiency of transaction -> Customer 

perception and attitude 
0.129 0.129 0.049 2.645 0.008 

Accepted 

Customer perception and attitude-> 

Satisfaction 
0.221 0.218 0.086 2.576 0.01 

Accepted 

Trust and security -> Customer 

perception and attitude 
0.24 0.24 0.082 2.914 0.004 

Accepted 

User experience -> Customer 

perception and attitude 
0.2 0.205 0.071 2.813 0.005 

Accepted 

Personalization -> Customer 

perception and attitude 
0.369 0.371 0.072 5.139 0.000 

Accepted 

 

Table 5 shows the findings of the path coefficient 

and indicates that the efficiency of the transaction 

on the customer perception and attitude resulted 

significantly at the 0.05 level and the H1 is 

accepted. The trust and security on the customer 

perception and attitude resulted significant at the 

0.05 level, and H2 is accepted. The influence of user 

experience on the customer perception and 

attitude resulted significantly at the 0.05 level and 

the H3 hypothesis is accepted. The personalisation 

or customised services have positively influenced 

and resulted in the 0.05 level. Hence H4 is accepted. 

The impact of customer perception and attitude on 

customer satisfaction resulted significantly at the 

0.05 level and the H5 hypothesis is accepted. The 

effect of customer perception and attitude on 

customer acceptance resulted significant at the 0.5 

level and the H6 hypothesis is accepted. The results 

are corroborated by previous study findings (59-

61). 
 

Table 6: Goodness of Fit (GoF) 

 Saturated Model Estimated Model 

SRMR 0.083 0.081 

d_ULS 16.453 15.819 

d_G 11.440 11.374 

Chi-square 348.657 326.723 

NFI 0.961 0.961 
 

The fit indices for the structural equation 

modelling (Table 6) suggest that both the 

saturated and estimated models have a good fit, 

with the estimated model showing slight 

improvements. Specifically, the Standardized Root 

Mean Square Residual (SRMR) values for both 

models are marginally above the desired threshold 

of 0.08, indicating a generally good fit to the data. 

The lower d_ULS and d_G values for the estimated 

model compared to the saturated model reflect a 

better fit, and the decrease in the Chi-square value 

also supports this conclusion. Moreover, the 
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Normed Fit Index (NFI) stands at 0.961 for both 

models, which is close to the ideal value of 1, 

indicating that both models fit the data well. The 

consistency in NFI suggests that the estimated 

model retains the goodness of fit of the saturated 

model while likely benefiting from greater 

parsimony. Overall, these indices collectively 

imply that the hypothesized model is capturing the 

underlying data structure with an appropriate 

level of complexity. 

The study underscores the need for banks to focus 

on AI-driven services tailored to all the products 

especially while offering to younger, tech-savvy 

demographic while considering the diverse needs 

of all customers (62). Banks should prioritize 

customer-centric AI development, emphasizing 

personalization, efficiency, and user-friendly 

interfaces. Since user experience is highly valued, 

AI interfaces should be intuitive and user-friendly. 

To safeguard consumer data and foster trust, 

banks should make sure that their AI systems have 

strong security features (27). Although improved 

efficiency is recognized less in customer 

expectations, it is still positively correlated with 

customer preference. Thus, improving the 

efficiency of AI-driven services by reducing 

waiting time, making services available 24/7, and 

invest in chatbots could enhance customer 

satisfaction and preference indirectly. Simplifying 

the user journey and ensuring AI-driven platforms 

are easily navigable can increase customer 

satisfaction. Personalization is key in customer 

service satisfaction. Banks should leverage AI to 

provide personalized financial advice, product 

recommendations, and support based on 

individual customer data and behaviour. 

The customers perceived that AI services are 

functionally good and have positive attitude 

towards all benefits of AI services. From the model 

tested it is evident that a positive attitude not 

completely led to acceptance of AI services in toto. 

This might be due to some psychological factors. 

Customers feel secure and psychologically 

comfortable if they have trust in the system (54).  

AI safety and security are critical to maintaining 

customer trust, especially for sensitive financial 

data upholding operational efficiencies through AI 

should be leveraged to enhance customer 

satisfaction. Before implementing an AI-based 

banking system, the bank needs well-organized 

and validated data, and the recommendations 

derived from this data must be clear and 

understandable. Banks must also establish 

feedback mechanisms for continuous AI service 

improvement and ensure compliance with 

regulatory standards, particularly regarding ethics 

and transparency (63).  In the case of efficiency, the 

mean score has low value. So, the bank should 

improve the efficiency of AI driven services and 

educate customer about its utilities. For getting 

complete trust in the system bank should utilise 

help centres and online demos. By effectively 

integrating AI, banks can create positive attitudes 

and differentiate themselves in a competitive 

market, attracting customers to adopt advanced 

digital banking services. 
 

Conclusion 
The study indicates a significant acceptance and 

enthusiasm for AI-driven e-services among 

banking customers, particularly among the 

younger, tech-savvy demographic. Customers 

prioritize convenience and efficiency, expecting AI 

to streamline and expedite transactions. There is a 

clear preference for personalized interactions, as 

evidenced by the high valuation of chatbots for 

customer support. Trust and security are also 

important, though secondary to service efficiency 

and personalization. 

The statistical analysis provides a robust 

confirmation that efficiency in AI-driven services is 

a significant factor in customer preference. The 

study’s findings suggest a roadmap for banks to 

enhance customer experience and satisfaction by 

focusing on personalized, efficient, and user-

friendly AI-driven services, while also ensuring 

robust security measures are in place. 

As the banking sector continues to evolve with AI 

technologies, the institutions that pay heed to 

these customer preferences and attitudes are 

likely to gain a competitive edge, fostering loyalty 

and expanding their customer base in an 

increasingly digital financial landscape. 

Future Scope of the Study 
Future research in the field of AI-driven e-services 

in banking could extend in various directions. It 

could include longitudinal studies to monitor the 

evolution of customer attitudes and preferences as 

technology becomes more integrated into banking 

operations. Expanding the scope of demographic 

studies to include a wider range of age groups, 

socioeconomic backgrounds, and geographic 
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regions would yield a more thorough 

understanding of the perspectives of worldwide 

customers. Investigating customers' positioning 

within the technology adoption lifecycle could 

offer insights into how different segments respond 

to AI advancements. The impact of emerging 

technologies like blockchain, quantum computing, 

and augmented reality on AI-driven e-services is 

another promising area, providing a comparative 

view across different sectors such as healthcare or 

retail.  

There's a significant scope to explore customer 

education and its influence on AI service adoption 

and effectiveness. Ethical and regulatory aspects, 

especially concerning data privacy and decision-

making transparency, present a critical area of 

study. The role of AI in advancing financial 

inclusion, particularly for underserved population, 

is a vital aspect to explore. Further, delving into the 

personalization of customer experiences through 

AI could reveal its impact on customer loyalty and 

trust. Lastly, the interplay between AI and the 

human workforce in the banking sector, focusing 

on employment dynamics, skill requirements, and 

the changing nature of banking work, presents a 

rich field for investigation. These areas collectively 

offer a broad spectrum for future research, 

shedding light on the multifaceted implications of 

AI in the banking industry. 
 

Abbreviations  
KYC: Know Your Customer, NRI: Non- Resident 

Indians, SD: Standard Deviation, SEM: Structural 
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